HEERE (HESER - FHE)

piiat

- EE R e LB S %

flrbed &

TR RHEE

AR
TR
TRELEE
HEARA
e H

BET Rk ARAE

FED - LEF DHRR TR
RE

1074209 23 HZ 09 B 28 H
1074210 5 12 H







AL

A EETE AAIE 107 FEAHESETE TF S ras Rt &
RS RIITIENTSE ) - S h0HR L R A A LB S e Rl g - F RS
GBI A FEIS E R SR - S~ BRSFELA Al bu e RaRlE R EOK
BGEE > SIS & 2L SR SRR R A ~ B2 Bl s AR BRI SR i M L,
HE 2 (R PRI BB S RE A HESD -

R[N F egidi bR AT M 2 IR o - 20l am TAZAT RS (SPE)
Fiz TERERGYTEE ) (ATCE) © BbR &R i S5 B Aol A A B PR
FEATT - SE TR S T R - A BB 1 R AR A
A (B LR SRS RS - IRHHSE AR UR 2K F gt Bl 48 A e B NS 5 A B
165 ] AE T g A BRI R - Sl B P ek o = R B2 B SR [R5 » A G
KGHEIET > R EE T HA T SRR N BIRTA o] SGHVE 2R - FR T RE
T R PTRI EIRE A B AR - AEE A EEE - REREETTE AR ATHE
= DR E PRPRESNT -



B bbb b ettt e st et be st et ebe bt ene b,
oot b ettt ae b et et be et et neebe st et ene et
= D et b et r e re s
= R ettt re e
&~ BB oottt ettt be e re e
B TN =& =5 I T TR 22



= By

F s K 58 il A BB E RAGA 0E S - /BRSPS A&~ E - 5F
fifi ~ 15LHE ~ BRI B4 AR By LhpE FIRE S KPR EGE - F ST HA RO H S
AR BRI HEGR SRR R EE SR - O R RS R
Wi R 1 AT S BRI 2RSSR - BERKTHEASHEZ BT
HIEFF A B EAR - SRR IR AR g A -~ AR E Tl R B
B TR & R — RBRER - BEZE AT M 2B H TS - AR 1A h TI2An 7 &
(Society of Petroleum Engineers, LDLUTfET# SPE) AHFEERHYY | SPE SRRl
H=tEr |, (SPE Annual Technical Conference and Exhibition, ATCE) » sz
BEBEFRAMAE ~ EFEEAE -~ EEekE AT - BiuEMkRS A - bt
FERRE DL R Bl ST SR BEAL 5 ST 2 B E A A A ~ ARe E RS ~ $E 5T
Hagat ~ AEENEER] AR B R R R ERR K R mEMEE R - I
7 iR 2 B MRS S IR M A STSUHBARH 72 N B2 > R 5P A ~
e ~ PSR B AR A S AHRH SR BRI B S, » ARV AT R RS - —20 (i
B EA 2 e

SPE 112 1957 F BRI - SAEHREE ~ ERENSOMHARARE R Z ) -
prSR A A RR o Z M > DU HE A FER s - SPE RIFIN S S SRR 24547 1l
W& - A SRR SRS N BHEIT RO R N AR I M LRl
RESIZ P - Hoh TSPE SERERMobTaT & 4 R —FE—ERAZ g - F4F
SHEBEE T2 - STER Y FREEEL DRREEBE L EERR
SHERER RS AAGET B B2 T2l - BRI - FERGESREBIE L EHE
SRR » WAEHIERRIEE ~ AR ~ S se PR T T 52 &= Z 1A fF -

AR B A55 S P 22 A e 2 L AL S B e ROty - Lo B
at AR R BRI SR e R LA R oA ~ B E -~ Sl TR B
AEEWERE - B2 F RGNS ZRHEIEE - JRHEGURRERHERK
PR R SRR > AN ST R TR IH E SRR -



= A3
AR BB B 6 K » FEITRE B0 09/24 2 09/26 #2172 " SPE £
Feffobftal & | o erak iRy By F SRR P T o 54 B TR A= —F

7N e

T HETRER

#t#z H I K| FEEEE R TAENA
= RESE= o
107.09.23(H) 1 P B2
107.09.24—107.09.26 EH
— 3 2 ERT i %‘\
107.09.27—107.09.28 FE R - e
(E0)~(Fi) 2 &dt e
&3 6%




1. SPEAFRERAMTh e Ere =R

SPE - [E R flahaT & S22 SR N AT T » S @S ait i b
Kay Bailey Hutchison Convention Center & Omni Hotel » FEEFEERIHT AT ERE
PRHI54Y 30 i HAR - GRS (E—) EEWmE kR - e Res K E R
sl R (B ) 0 MY F BRI — 2= BRI A A 8B
EABEBE - SONEHRET - SRR - R385 2 40 75
—HeA A 6~T RElE AT o IR Ry B R NP R B - F B URRRE
N TR R ELEIG A ) TR B AR A S TaR 03 3R - SPE M Sl BE N A B
EVEHE RGE - BHWNES—EANBIFATEA - HEEM O sE0R KR A # 5
o [FI RIS R o FRER A AR TS BUH TR S BTt Bl N BT

M
iy

2. SPEAFRERiThaT &2 4

AL TF RS A R R S B A TR, R
sTEAERE 2 FRER S » B85 £ A il SR A A i (2 L B S e 54
flo » FRHEER T ERSHEE - BE 2 SRhREE RIS B
PRI (Sand Failure and Sand Production) @ AShH&ETr i A S i &
ViR ~ s EbRiE ~ IHEGOH RIS SIS R ER SEAH R - HHRE
FERACHT AN AL FEANE AR - AEREA /G SOE T3 0 TR
B 2 fir hBEER CAZAT > TETE - BREEEL A BT A S B R AR A (A &
TR - AN R BIERAR ¢

(—) BT AR EIEE L B 2ERIE (Opening General Session :
Translating Big Data into Business Results)

() EPE R ESA (Production Control and Monitoring) s

()4 & % M {F = & 5 £ 1&  (Optimizing Production Through

Surveillance) 3

(V) #EFE M 347 (Petroleum Advanced Analytics)



(1) BEIREE ZHa8 b - EIEBIER 3 (Field Case Histories, Modeling

and Data Analytics from Across the Globe)

(NVHRBEE N 2 #8567 (Emerging Technologies for Reservoir

Monitoring and Characterization) ;
() AT > #r4EE, (Petroleum Management Frontiers) s

() IFELE RS E K PVT 28R (New Advances in Unconventional
Transport and PVT)

(JUEH BT (Drilling and Pressure Management) 5

() s B 38 R (BB 2 S R BRR T (Advanced Reservoir Simulation

Techniques for Optimizing Field Development) °
3. SPEFERMMHE] &2 B EE AT
ARG 2 BN E By B DU = (&0
VA
()b F R I TR RS

(—)2I0E H bR

(=) EGHEBERIERREE -

AREFERATET & 2 FREEGE /Sy Translating Big Data into Business
Results - TRERBHBE(LBAERR ) (B=) » HHEE S ol R EHE
SENRHE - R EEAHAE Shell ~ B R A AHARE A E] Schlumberger
MIERFERIARA R Ecana BIEREFHSHIASE Google » JHEHA A T i 77T
AR oz H LRI DEAERCRA 2t Kl A A ESE -
A RE T EIASRAVBRER - 17 TR R n] iR S BUl R A E R & B R E
L RGUEERE - WESREMN A TE S (Artificial Intelligence, AT)EBifkes
E2H (Machine Learning) » SEERERELAE Z&ith oo A7 H AR A 2 TR 22 SEER BRI -
PRI el et~ BE KRR - AT - A F RIS & R E T
s R SUBSREIBCR - NFFROREMISAEERS - KA TR IE
THEEAR SR - A3 s S A R o B oy 2 R R L ] - BN e Ry S SR R
RN EZAZ N EEARR R - MR EZ A RSB [EAH R -

6



EFIGNEH &M RN BEFF LI EAIRATEHAE] ~ S
ON ]~ B FE R A E] (B - 2H08 AHRFE K BT S AR TR 2
BRAAHE EFORBESTEHRE - NIFREAIR - AN s 2= AR S 25 B i
W& > #5257 Schlumberger ~ KAPPA ~ Petroleum Experts ZHELIAR NG AIEEEZ
MHRERGRS - B TR SoHT ARG 1 S D A ~ i R A e R el B H i
A ROl 2 FEE 775 ~ SBIGHEGHRES - MERRE BB SR Il & 1F
g ORISR B SR B R S s LA Rl s A ey

BAKER
Uches @

B— - @h@iH AL

[~ B e N S R T ST



BAKER
UGHES

VU ~ s N B N B R R AR



~ BRI

HNIER A ) Ui sCETTH#E » 2 BB TR TEF - AsEi AT
AT SRS R RSN A R s =0 S - DU Bl o S 8E (R IR Smas eI Pk
50 -

SPE-191390-MS

Pore-to Reservoir-Scale Modeling of Depletion-Induced
Compaction and Implications on Production Rate

Zhuang Sun, The University of Texas at Austin; Hewei Tang, Texas A&M University; D. Nicolas
Espinoza and Matthew T. Balhoff, The University of Texas at Austin; John E. Killough,
Texas A&M University
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SPE-191405-MS

Efficient Simulation of Two-Phase Compositional Flow in
Fractured Reservoir Using 3D Unstructured Gridding in Complex
Geometries

Ali Zidane and Abbas Firoozabadi, RERI
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FEFV (Geiger et al. 2009) This work
Number of elements CPU (sec) Number of elements CPU (sec)

342 2.076 358 162
734 3.662 714 294
1.502 8.818 1530 410
3.190 23,989 3188 741
7.348 98.184 7362 2.489
14.326 278.501 14616 779
29,132 776.313 30730 10.805
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SPE-191406-MS
Predicting Sand Production in HPHT Wells in the Tarim Basin

Haotian Wang, The University of Texas at Austin; Xiangtong Yang and Wei Zhang, PetroChina

Tarim Oilfield Company; Mukul M. Sharma, The University of Texas at Austin
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SPE-191407-MS

A New Technique for Quantifying Pressure Interference in
Fractured Horizontal Shale Wells

Weichun Chu, Kyle Scott, and Ray Flumerfelt, Pioneer Natural Resources; Chih-Cheng Chen,

Kappa Engineering

JBR T3 3R 7 AR EE W) AR AR /KRR R 2 IR o LAY - BRI E HEE SRR 1
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CIH A I A PR IR NI © DR IE H B HAMEE T = T e R — R PR - B[R Fy
AR A EV I R BTN - A — ] BB ROl - ot
Power-law PIT &l » 1 Chow Pressure Group(CPG)FR By n] 57 Byt Al 2% [ 25
ZIERE - Wt SR B RS (LR B AR MR 2 % R ) I
EAHED - BT KR Power- law PIT BRI E(LT Bl #6 - & 3H HFABE
RS 04T e e I B (S BE T J A AT R « B — Rk 5 i ar H 80 Ry CPG (&
20 B {EREfE B MPT, Magnitude of pressure interference)ld > EhifE » HoK
PR ZFF T 5y 2R Power - law HYFT /Ry > - 4H~ 6H~ SH 2 MPT {E 5311 5 0.94~0.75
J2 0.44- 5 g RE S MPT (EHEA SRS » SEN I M EIR S5 A (Ge fR) 5
[ Z A& MPT {EHFA RS EES - BRI 2 ARG aa(Ge &) (E+2) -
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0 5 M A [F] R H S S RO (L2 HFaE - RIREIRIT(H — B R PERE (%
AT RS SR 59HY MPT - (& PURIEE R MPT {52 EUR HYRE (4 15 LLRi AU
BT E R R TR AT ER T BE - (5 LM BRI - GRS
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Magnitude of Pressure Interference (MPI)
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SPE-191538-MS

A Large-Scale Study for a Multi-Basin Machine Learning Model
Predicting Horizontal Well Production
Salma Amr, Hadeer El Ashhab, Motaz El-Saban, Paul Schietinger, Curtis Caile, Ayman Kaheel,

and Luis Rodriguez, Raisa Energy

W B A e B L e R A R 2 OB e B A B BT - A A
Machine Learning Jif2 » #EHHCMAEER « AT HFENTHHTHMEG/KEH 2
SHES  HPERmEAEEH (PLs) RsAREZEH (NPLs ) « B ESHN S - B
R Z MG TTE R Arps BRFEHGR AT BOREFRERE . FHm A - FiEkS#
FEARDERR R R R - SR E A HEMLIRAE - NMERERER AT ERYEE - f55

TEB IR ] (S0 B RS EAR B A R A N s B RETR Bt — B HIMR = Z TRIAE SR -
Machine Learning & =fEfHAA » F—FOHA TR qi (WHIRER) » di (WIGHERE
) e BUR(E&4 Al k&8 ) - 1B TERI o —(EE - PHE S B e I E R A A it
B Wt BEHEHKE AR (Accuracy) » HEEM Ak

1
Accuracy =1 — N Z(|Predicted Quantity(well,) — Groud truth quantity(welly)|)

&7 Ry (A Machine Learning #EfTAE BTN MAZ o BN @505
Ry AR[EF(EH Machine Learning FHMI(ZH4R) ~ Arps BEFEHIER T 2 FERAREEF (4%
GO EEAEE  LEE - A EHEHIE AI#3H Machine Learning FEHI4S SREET
HELEE  ER=F SR EBPE N /RA %0 Machine Learning BU&
BRI 2 o

Validation Technique
lecti Test -
Technique & ,_Ge.Olug?"
P . " gineering
* tuning criterion

Training tuning l l

Well geo Split data Extract rf;liégve Evaluate

features + into train, and i pmn el model

production test, and transform on test

va]}les + . validate features ebsainble set

Neighboring

I reject |

&7 ~ Machine learning #EfT4EETEH > FRfL44%E
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Production Forecasting Comparison
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400
300 APl# 05123390630000
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=
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Production Forecasting Comparison
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Actual well value Baseline Method value ML prediction value
$240K $512K $288K
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SPE-191731-MS

Assessing the Impact of Open Hole Gravel Pack Completions to
Remediate the Observed Productivity Decline in Cased Hole
FracPack Completions in Deepwater Gulf of Mexico Fields

Zaki, Karim and Li, Yan, Chevron EIC

Terry, Clinton, Chevron NA Upstream

AP EEETEPE L OKIRE S = O - FHiE B H T UE G EE S
fa¥(Productivity Index, PI)AFTsE: - LM =52 P1 ARSI ] 70 K Bk »
WE- /A BEEfURENE ~ AR B AR - § R Se Hm A= 53
~ D - I VR R B

MR EEEEER - % =OHEEE FOREiF) (Casing Hole and FracPac,
CHFP) e » ASCHI BB BHIRAS - Jod i B Ry AEE A - DUEEB R R
Binas ECIEREM: - P s st e 3 8 52 T SRR LR A 78 (Open Hol e and
Gravel Pack, OHGP) - WiFH#EHfLEEZER 5 EE EAREANER - HEl
BHZ Pl @& AACE - &R - =AY PT BT A —1% - & Pl
SRR A —8E > FRIUFTR > W3 HE W2 HEseEwH o7 PI & b7
HEFHALEEIREEE IR R R - W ERAE A 8L - M W1 H ST
BUFEAISEH T - PL AT - HE RS ESEEEE SRR - 20211 —F
SeHEHEARER - B R &Y Pl 22128 EREMNAFEAREE - EEE
HrHaHEE A RIBTEARCR -

Creep and compaction

Off plane perforation contribution and stability

Fracture conductivity

Fines migration and trapping ..
Fracture connectivity and tortuosity

Drilling and completion fluid invasion

=i VAR =7 - YAk =1 GRS
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R0~ PEE s H =R

Well Completion Near Damage Proppant Well Pl P10 P50 P90
Fype Wellbore Zone Permeability Inclination  Actual Pl Pl Pl
Permeability Thickness

OHGP 35% Less 95% Less

Damage
n—n_m——---
Wi OHGP Sameas 3D to 600D 20° 34 59 6.6

CHFP

95% Less 3D 1o 600D 2 6.6

Wi OHGP 35%Less Same as 3D to 600D 20°
Damage

Wi OHGP 35% Less

Damage Damage
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