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® Image and video modeling on manifolds

® [ow dimensional models and low rank methods

® Sparse and low-rank models in learning and pattern Recognition

® (Graph-based methods for image and video analysis

® Image & Video Processing Techniques

® Image & Video Sensing, Modeling, and Representation

® Image & Video Analysis, Synthesis, and Retrieval

® (Computational Imaging

128 KFeT &0y FEFHE B B low dimensional models for image and video processing and

analysis ° FRIEZAD » RIMEEE 7 — L2 F T plenty talk » Hp AT

® Baba C. Vemuri, Efficient recursive algorithms for statistical analysis of manifold-valued
data

® Pierre Vandergheynst, Sampling, inference and clustering for data on graphs

HAHMILA — L invited talks » BET -

® Tulay Adali, Data fusion using source separation: role of diversity

® Michael Bronstein, Geometric Deep Learning
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® Xavier Pennec, Barycentric subspace analysis: an extension of PCA to manifolds

® Anuj Srivastava, Elastic Riemannian Frameworks for High-Dimensional Signal Processing

® Michael B. Wakin, subspace Approximations on the Continuum

® Mathews Jacob, Superresolution Imaging using Piecewise Smooth Image Models

® Oliver Cossairt, X-RAY Fluorescence Image Super-resolution using Dictionary Learning

® Saiprasad Ravishankar, LASSI: A Low-Rank and Adaptive Sparse Signal Model for Highly
Accelerated Dynamic Imaging

® Yon Visell, Learning Parts of Touch in the whole Hand with Sparse Dictionary Learning
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(Left): Arithmetic mean and (Right): Intrinsic mean of data points
lying on 1—D manifold.
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