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Opening remarks

Awards ceremony

Session 1-1: Recognition

Session 1-2: Statistical Methods and Learning

Session 1-3: Detection and Categorization

« Wednesday 9th November 2011
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Invited speaker: Hiroshi Ishiguro, Osaka University
Session 2-1: lllumination and Reflectance

Session 2-2: Activity Recognition

Session 2-3: Attributes and Classification

Session 2-4: Segmentation and Grouping

o Thursday 10th November 2011

(0]

Invited speaker: James DiCarlo, Massachussets Institute of Technology
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o Session 3-1: Optimization Methods
o Session 3-2: Geometric Computer Vision
o Session 3-3: Scene Understanding

o Session 3-4: Image Restoration and Retargeting

« Friday 11th November 2011
o Invited speaker: Larry Matthies, Jet Propulsion Laboratory
o Session 4-1: Matching
o Session 4-2: Motion and Tracking
o Session 4-3: Image Processing
o Session 4-4: Faces
o Closing session
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Session > ¥ 14 9}\25’?,” 5- BiEHE o 2 E A= ICCV P >4 # Poster Session =ipF (45
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1. David Lowe, “Object Recognition from Local Scale-Invariant Features,” 1CCV1999

2. Yuri Boykov, Olga Veksler, and Ramin Zabih, “Fast Approximate Energy Minimization
via Graph Cuts,” ICCV1999



3. Vincent Caselles, Ron Kimmel, and Guillermo Sapiro, “Geodesic Active Contours,”
ICCV1995
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Structured Class-Labels in Random Forests for Semantic Image Labelling by Peter
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Pushing the limits of digital imaging using Structured Illumination by
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Tutorials

A% - %%+ 2 &% Reverberant Speech Processing i #x %-4c Tomohiro Nakatani,
Armin Sehr, and Walter Kellermann - 3¢ “Reverberant Speech Processing for Human
Communication and Automatic Speech Recognition” - i& i tutorial i Ji42 2 & 2 = B IR >

- BAXEARREE /1 > ¢ 7 7 Selected applications of distant-microphone speech
interfaces ~ Problem description 2 2 Approaches enw g - % = B A3 E A w3 TR ¥ D
Fsoh LA EL RS - £ 3 7 Inverse filtering, and its problems ~ Statistical model-based
speech dereverberation ~ Integration with other signal processing technologies ~ Introduction of
real applications - % = B A2 4w F B Y ik p #FF F38 > & 7 7 Feature-based
approaches ~ Model-based approaches ~ Decoder-based approaches ~ 7 2 REMOS - # {é ¥
FARREE B

%= 2T =plE %44 Vivek K Goyal and Martin Vetterli - #:7 “Teaching Signal
Processing with Geometry” - iz Tutorial # 7 4B > £ H F 843 T 0+ §
INE A M IT o FHA TR AN S e B R RS AR Y P % B o
WAE A 3 HRKF 5% 0 1" Hilbert Space & in ki p WE T o T ¥ WP hipfd
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i»+ 42 > » %] §_extending from the Euclidean world to Hilbert spaces - the projection
theorem and its consequences - decompositions - bases » frames > sampling > approximation -

time-frequency localization » 2 2 structured bases -

Opening Ceremony

LR
® Signal Processing Social Best Paper Award % % 7#% <

1. Tanya Ignatenko and Frans M.J. Willems, “Biometric Systems: Privacy and
Secrecy Aspects,” IEEE Trans. Inform. Forensics and Security, pp. 956 — 973, \Vol.
4, Dec. 20009.

2. Sidiropoulos, N.D., Davidson, T.N., and Luo, Z.-Q., "Transmit Beamforming for
Physical Layer Multicasting," IEEE Transactions on Signal Processing, Vol. 54, No.
6, pp. 2239-2251, 2006.



3. Stephen J. Wright, Robert D. Nowak, Mario A. T. Figueiredo: Sparse
reconstruction by separable approximation. IEEE Transactions on Signal
Processing, Vol. 57, No. 7, pp. 2479-2493, 2009.

4. Pengfei Xia, G. B. Giannakis, "Design and Analysis of Transmit-Beamforming
based on Limited-Rate Feedback”, IEEE TRANSACTIONS ON SIGNAL
PROCESSING, Vol. 54, No. 5, May 2006.

® |EEE Signal Processing Society Young Author Best Paper Award

1. Yi-Hsuan Yang, Yu-Ching Lin, and Ya-Fan Su, for the paper co-authored with
Homer H. Chen, entitled, “A Regression Approach to Music Emotion
Recognition,” published in the IEEE Transactions on Audio, Speech, and
Language Processing, Volume 16, Number 2, 2008.

2. Yi-Hsuan Yang, Yu-Ching Lin and Ya-Fan Su: “A Regression Approach to Music
Emotion Recognition,” IEEE Transactions on Audio, Speech, and Language
Processing, Vol.16, No. 2, 2008.

3. Sheng Yi, Demetrio Labate, Glenn R. Easley, and Hamid Krim, “A Shearlet
Approach to Edge Analysis and Detection,” IEEE Transactions on Image
Processing, Vol. 18, No. 5, pp. 929-941, 2009.

4. Jacob Mattingley and Stephen Boyd, “Real-Time Convex Optimization in Signal
Processing,” IEEE Signal Processing Magazine, Vol. 27, No. 3, pp. 50-61, 2010

® Signal Processing Magazine Best Column Award

1. Hagit Messer, for the paper entitled, “Rainfall Monitoring Using Cellular Networks
[In the Spotlight],” published in the IEEE Signal Processing Magazine, \Vol. 24, No.
3, 2007
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Vector spaces

Normed vector spaces

Inner product spaces Banach spaces

Hilbert
spaces

o CN
° E"Q(Z)
. 22(R)

° @N
e C([a, b])

e (V.,d)
° :’fO(Z)

He A E d2? § * 0 Hilbert space & - Bz Fap 3 He &2 -
Cauchy & 7% € dcac > fRi6 £ A % & Hilbert Space ¢ ¢ Adjoint, Unitary £
Projection = 838 & 3 2 #F &2 g+ > &% KWpP &) T > R (& 3 Wiener
Filter) snS e & & o
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